Retroreflective Bar Codes
Bret, Toby

retrecefledioe tapt * mask”

—— ¢ (iR

SRR L

4
.
-

Trackmate (Under the table tracking)
Adam Kumpf

Determines Position

ID Bits
6 bytes + 1 error correcting byte
>280 trillion unique IDs

@

Optional RGB analog values

Determines Orientation

Figure 4-10: Five ways to build Trackmate. From left to right: Portable Plexi

Cliffhanger, Classy Hardwood Curio, Overhead LCD Overture, Simple Floating Shelf,
and the Basic Basswood Boxcar.




Retroreflective Markers
Toby




Scanning
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\ ‘ THE METROPOLITAN MUSEUM OF ART

Madame X (Madame Pierre Gautreau)
John Singer Sargent (American, Florence 1856
f \ 1925 London)

ﬁ Enlarge Image

Date: 1883-84

Medium: Oil on canvas

Dimensions: 82 1/8 x 43 1/4 in. (208.6 x 109.9 cm)
Classification: Paintings

Credit Line: Arthur Hoppock Hearn Fund, 1916
Accession Number: 16.53

Madame X - Madame Pierre Gautreau This artwork is not on display

www.metmuseum.org/collections

Description

Ga Signatures, Inscriptions, and

Google Goggles indexes the
Metropolitan Museum of Art's collection.
Search by taking a photo on your phone.

Powering millions of searches

MobileEngine works with your own reference image collection and can recognize virtually any two dimensional object.

Ideal for the wine industry: Instantly
recognize a wine from a label photograph.

1 )

Make your consumer packaged goods
(CPG) searchable with a mobile phone.

Engineered to work with blurry and low-
resolution images.

Make your product catalogs searchable
by users via their mobile phones.

Recognize paintings and artwork from a
photograph.

Identify wallpapers, books, magazines,
CD covers and anything with a
distinctive pattern.

Starter Basic

up to 5,000 images
1,000 monthly searches

Corporate

up to 500,000 images
150,000 monthly searches

200 *500 *1500

Enterprise

up to 500 million images
50 million monthly searches

up t0 50,000 images
30,000 monthly searches

USD per month USD per month USD per month
Need more? Need more? Need more? Custom plans

$0.01 per image per month $0.005 per image per month $0.003 per image per month We customize plans for large collections
$0.01 per search $0.005 per search $0.003 per search that will scale to your needs.

We also provide
data consulting services.

TinEye MobileEngine
Query by image as a service.



The Intrinsic Camera Matrix
Properties internal to the camera, doesn't change if you move the camera.

Scene Image

Scene Image
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The Extrinsic Camera Matrix
Where the camera is in space and the direction it's pointing,
relative to some absolute coordinate system.
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Fast Multiresolution Image Querying
Charles E. Jacobs, Adam Finkelstein, David H. Salesin

il A e — Query by Content

IMAGES ) L WAVELET. | . S\GNATORES
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Painted Scanned - Target

The Wavelet Transform

20 coeffs 100 coeffs 400 coeffs Original (16,000 coeffs)




LightBlue Bean for object
movement detection
Toby

lllustration of Camera Undistortion



Shape Matching and Object Recognition Using
Shape Contexts
Serge Belongie, Jan Puzicha

Shapes (e_g_ handwritten Ietters) are resampled as Fig. 1. Examples of two handwritten digits. In terms of pixel-to-pixel
. . . . comparisons, these two images are quite different, but to the human

a log-polar "grid" (c) and a histogram is taken. This
histogram is used to match against reference shapes.
(Note: the shape is moved around on the grid to find
the best alignment. Each point in the shape is tried
out as a center point.) Once an alignment is found, a
correspondence between points can be found (g).
This correspondence is assigned a "distance" based e e e o S oA o o5 T S
on how much it needs to distort the shape. o smpapobioed e g ple gy s peveen e
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Fig. 3. Shape context computation and matching. (a) and (b) Sampled edge points of twe shapes. (c) Diagram of log-polar histogram bins used in
computing the shape contexts. We use five bins for logr and 12 bins for &. (d), (e), and (f) Example shape contexts for reference samples marked by
e, ¢,4in (a) and (b). Each shape context is a log-polar histogram of the coordinates of the rest of the point set measured using the reference point as
the erigin. (Darx=large value.) Note the visual similarity of the shape contexts for - and o, which were computed for relatively similar points on the two
shapes. By contrast, the shape context for < is quite different. (g) Correspondences found using bipartite matching, with costs defined by the x*
distance between histograms.



	Canvas 1
	Canvas 2
	Canvas 3
	Canvas 4
	Canvas 5
	Canvas 6
	Canvas 7

